DQWAEE

Data Observability
for Snowflake

Proactively Safeguard Snowflake Data Health
with End-to-End Observability




Preface

Modern data-driven organizations rely on Snowflake’s cloud data platform forits scalability,
performance, and ease of use. However, keeping data reliable, timely, and high-quality in Snowflake

requires more than just a powerful warehouse - it demands strong data obséf-ﬁxability.

In this comprehensive eBook, we'll explore what data observability means for Snowflake, why it's
critical, and how to implement it effectively. We'll also highlight best practices and how the DQLabs

platform provides an integrated solution for Snowflake data observability and data quality.

What you will learn in this eBook?

- Data Observability 101 for Snowflake: What it is and how it differs from general observability.

« Why Observability Matters: Key benefits for Snowflake users, from ensuring trust in analytics to
controlling costs.

« Snowflake’s Unique Challenges: Dynamic scaling, complex pipelines, and other Snowflake-specific
observability hurdles.

« Essential Metrics to Monitor: Freshness, volume, schema drift, nulls, query performance, lineage,
and more — and why each matters.

« Step-by-Step Implementation: How to get started with observability on Snowflake — connecting a
platform, auto-discovery, profiling, setting thresholds, alerts, dashboards, and semantic tagging of
assets.

- DQLabs Solution Overview: How DQLabs natively integrates with Snowflake to provide real-time
monitoring, Al-driven anomaly detection, automated lineage, custom rule creation, and a unified
data quality & observability experience.

« FAQs and Next Steps: Common questions about Snowflake data observability and a clear call-to-

action to help you begin your observability journey.

Let's dive in and ensure your Snowflake data is always trustworthy, performant, and ready to drive

insights.
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What Is Data Observability in
the Context of Snowflake?

Data observability is the practice of monitoring and assessing the
health of your data and data pipelines. In the context of
Snowflake, a cloud data warehouse, data observability means
having end-to-end visibility into your Snowflake data environment
- from how and when data is loaded, transformed, and queried, to
the quality and reliability of that data over time. It’s like having a
24/7 health dashboard for all your Snowflake data assets and

workflows.

In Snowflake’s cloud-native architecture, data observability
covers multiple dimensions: monitoring the data itself (values,
volumes, schema changes, etc.), the pipelines and processes that
move data in and out of Snowflake, and the usage and
performance of the Snowflake platform (queries, warehouses,
costs). Effective observability ties these pieces together so that
data engineers and stewards can detect anomalies, diagnose
issues, and ensure that data remains accurate, fresh, and fit for

purpose.

Snowflake provides a robust foundation for data storage and
processing, but it does not automatically guarantee that the data
is correct or that pipelines are running as expected. Data
observability fills this gap by continually monitoring key indicators
of data health and sending alerts when something goes wrong. It's
analogous to application observability (monitoring system logs,
uptime, performance metrics) but focused on data pipelines and

datasets — ensuring that your Snowflake tables and views are

always delivering trustworthy data to your business.
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Why Data Observability Is
Critical for Showflake Users?

As organizations scale up their use of Snowflake, implementing data observability becomes critical. Below
are several reasons Snowflake users should prioritize observability, each addressing a key aspect of

operating a modern data warehouse:

ol

e
@ Improves Data A Enables Q
Reliability for Data Trust

Analytics and Across Teams
Reporting
Supports Scalable, Detects Helps Maintain
Cloud-Native Issues in Near Compliance and
Workloads Real-Time Governance

1.Supports Scalable, Cloud-Native Workloads

Snowflake’s elastic, cloud-native design allows compute resources to scale up and down dynamically.
This is great for performance, but without observability you might not notice underlying issues. Data
observability helps you keep an eye on how scaling affects data flows. For example, if a sudden spike in
workload occurs, an observability tool can detect unusual data volume or query patterns even if
Snowflake automatically adds compute to handle the load. This ensures that as your Snowflake

environment scales, you maintain control over data behavior and avoid runaway costs or hidden errors.

2. Improves Data Reliability for Analytics and Reporting

Organizations depend on Snowflake to feed dashboards, reports, and machine learning models.
Observability is critical here: it monitors data freshness, accuracy, and completeness so that your Bl
reports and Al models aren’t running on stale or corrupted data. By catching issues (like a late ETL job or

a schema change) early, observability prevents faulty data from ever reaching decision-makers.
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3. Detects Issues in Near Real-Time

If a critical data pipeline fails or a data quality issue arises in Snowflake, you need to know immediately.
Data observability provides real-time (or near real-time) issue detection. It continuously tracks key
metrics and will raise alerts as soon as an anomaly or threshold breach is observed - for instance, if
today’s load of transactions is 0 when it’s usually thousands, or if a normally fast query is suddenly
running for an hour. Early detection means data teams can respond and fix issues before they snowball

into bigger problems or SLA breaches.

4. Enables Data Trust Across Teams

Multiple teams and departments often share a Snowflake platform. Data observability establishes a
culture of trust and accountability by making data health transparent. When everyone knows that data is
being monitored and that there are dashboards showing dataset statuses (freshness, completeness,
etc.), it breaks down silos. Teams can self-service check the health of the data they rely on, and data
engineers can confidently hand off data knowing that if something goes wrong, it will be flagged. This
transparency and proactive monitoring build trust in data across the organization — users trust the data

because they know it's actively governed and observed.

5. Helps Maintain Compliance and Governance

For organizations in regulated industries or those with strict data governance policies, observability is a
must-have. Snowflake often holds sensitive or business-critical data, and you need to ensure it meets
compliance requirements (e.g., data retention policies, accuracy standards). Data observability tools help
maintain compliance by tracking lineage (where data comes from and goes), monitoring for unauthorized
changes or anomalies, and ensuring data quality rules are enforced. If a certain dataset hasn’t been
updated as required by a governance policy, for example, the observability platform can alert data

governors.
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Key Challenges of Monitoring
Data in Snowflake

Snowflake’s modern architecture brings many benefits, but it also introduces some unique
monitoring challenges. Understanding these pain points is the first step to designing an effective
observability approach. Here are the key challenges data teams face when trying to monitor and

ensure the health of data in Snowflake:

0000

Dynamic Scaling Complex Data Limited Native Decentralized Lack of
and Compute Transformations Anomaly Data Ownership Automated
Separation via ETL/ELT Detection Lineage Tracking
Tools Capabilities

1. Dynamic Scaling and Compute Separation

Snowflake separates storage from compute and can dynamically scale compute (using features like
multi-cluster warehouses) based on demand. The challenge with this flexibility is that issues can be
masked or appear suddenly. For instance, if query workloads spike, Snowflake might scale out to
handle it, but your costs will rise — without observability you might not realize why. Also, performance
issues might only show during peak loads. Monitoring a dynamically scaling system means you need
to track not just static thresholds, but patterns and anomalies relative to changing baselines.
Additionally, since storage and compute are decoupled, you must observe both data changes (in
storage) and query performance (compute) to get the full picture. Traditional monitoring tools may
not account for this separation, so a Snowflake-savvy observability approach is needed to correlate

data metrics with warehouse usage and scaling events.
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2. Complex Data Transformations via ETL/ELT Tools

Most Snowflake deployments rely on a rich ecosystem of ETL/ELT pipelines and transformation
tools (e.g., Fivetran, dbt, Informatica, custom scripts, Snowflake Tasks). Data might be flowing in
from multiple sources and being transformed within or outside Snowflake. This complexity makes
end-to-end monitoring difficult — a broken transformation in one tool can result in bad data in
Snowflake, but the symptom (e.g., missing or inconsistent data) might not be obvious until a

report breaks.

Without observability, you might only discover a problem when an end user complains. A good
Snowflake observability solution will unify these pipeline streams — automatically discovering data
flows, tracking when each job runs, and correlating pipeline status with the state of data in
Snowflake. This ensures you catch pipeline failures or delays and can quickly pinpoint which stage

of a complex workflow needs attention.

3. Limited Native Anomaly Detection Capabilities

Snowflake provides some native monitoring and data quality functions (for example, the Account
Usage views for queries/warehouse metrics, or the newer Data Quality Data Monitoring features in
higher editions that let you define data quality metrics). However, these native capabilities are
limited in scope and often require manual setup. Snowflake doesn’t inherently do automatic anomaly

detection on your data values or volumes. It's primarily focused on performance and usage metrics.

As a result, teams relying only on Snowflake’s native tools might miss subtler data issues like a
gradual data drift or an unexpected surge of null values in a column. This gap means an external
observability platform is usually needed to provide comprehensive anomaly detection (leveraging
machine learning to learn normal patterns) and to continuously watch data health metrics without

manual rules for each table.
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4. Decentralized Data Ownership

Snowflake makes it easy to onboard new data and new users - often different departments or lines
of business have their own schemas or data sets within a Snowflake instance. This decentralized
ownership can lead to inconsistent data management practices. One team might be loading data
hourly, another manually updating a table once a month, each with different quality controls.
Monitoring becomes challenging because there isn’t a single pipeline or schedule to check; there

are many, owned by different people.

Data observability needs to be flexible enough to cover all these disparate data assets and still
provide a centralized view of data health. It should enable filtering or grouping by data owner or
domain, so each team can focus on their assets while leadership can see the overall picture.
Observability addresses this by instituting uniform monitoring across all assets, regardless of who
owns them, and by enabling semantic tagging (labeling assets by domain or owner) to organize

oversight.

5. Lack of Automated Lineage Tracking

Understanding data lineage is crucial when an issue arises. If a Snowflake table suddenly has a
problem you need to quickly know where that data came from and what downstream reports or
tables might be impacted. Snowflake, by itself, does not automatically maintain lineage information
between tables or across external tools. Without automated lineage, when something goes wrong
you're stuck manually tracing through SQL scripts, ETL job logs, or documentation to figure out

upstream / downstream relationships.

This delays issue resolution and makes impact analysis tedious. It's a major observability challenge
because even if you detect an anomaly, you might not easily know why it happened or who/what it
affects. A robust observability solution for Snowflake will include automated lineage tracking — often
by parsing query history or integrating with development tools — to map out how data flows. With
lineage in place, the moment an anomaly is detected, you can instantly see the upstream source
(perhaps a specific raw table or external feed) and the downstream dependencies (dashboards,

machine learning models, etc.), enabling a much faster root-cause analysis and impact assessment.
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Essential Data Observability
Metrics for Showflake

To achieve full observability of your Snowflake environment, you should monitor a spectrum of data
health and performance metrics. Each metric provides a different perspective on the well-being of your
data. Below are the key observability metrics to track, and why they are especially important in a

Snowflake context:

e Freshness

Freshness measures how recently your data was updated or loaded in Snowflake. This metric is crucial
because decisions rely on having the most current data available. For example, if a table expected to
refresh nightly hasn’t updated in 48 hours, dashboards and reports may show outdated or misleading
information. Without automated freshness monitoring, such delays might remain unnoticed, negatively

impacting business decisions and reducing trust in analytics.

e \Volume

Volume tracks the number of rows or the size of data and how these change over time. Monitoring
volume allows teams to detect anomalies like sudden drops or spikes that could indicate data ingestion
issues or duplicated records. For instance, if a pipeline that typically loads one million rows in a day
suddenly loads only 100,000, critical reports consuming that data may be inaccurate or incomplete.
Volume monitoring also aids in cost management since unexpected growth in data size can increase

storage and compute expenses.

e Distribution

Distribution metrics analyze statistical properties of data within columns, such as value ranges,
averages, and category frequencies. Observing distribution over time is vital to detect subtle data drifts
that may not affect overall counts but can change the meaning or quality of data. For example, a shift in
the percentage of “Completed” status values from 50% to 90% could indicate upstream problems or a
change in business conditions that requires attention. Monitoring data distribution ensures that the

content and integrity of your Snowflake tables remain consistent.
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 Schema Changes (Schema Drift)

Schema drift refers to unexpected alterations in your data schema, including adding, deleting, or
modifying columns and their types. This is important to monitor because schema changes can easily
break downstream dashboards, reports, or transformation jobs relying on a known structure. For
example, if a column critical to a Bl report is removed without notice, the report may fail or yield
incorrect results. Tracking schema evolution proactively alerts data teams to such changes to

mitigate disruptions and maintain governance.

* Nulls and Duplicates

Monitoring the frequency of null values and duplicate records is a fundamental practice for
ensuring data quality. A sudden increase in nulls in a column that typically contains few or none,
such as an email field jumping from 1% to 20% nulls, often signals a data ingestion or validation
issue that needs investigation. Likewise, the presence of duplicate records where uniqueness is
expected can skew analytics and decisions. By continuously monitoring and alerting on these

metrics, teams can prevent silent corruption of data quality in Snowflake.

e Query Performance

In addition to data quality, observing query performance metrics like execution time, error rates, and
warehouse resource usage is critical. Performance degradation often signals underlying data or
infrastructure issues. For example, if a query that normally runs in 2 seconds begins taking 2 minutes,
it may indicate a volume spike or inefficient processing. Poor query performance impacts user
experience, delays reporting, and raises compute costs in Snowflake’s consumption-based billing.

Monitoring these metrics helps optimize workload efficiency and cost control.

e Data Lineage and Impact

Data lineage provides visibility into how data moves and transforms across Snowflake tables, pipelines,
and dashboards. This context is essential for understanding the impact of any data issue detected
through other metrics. For example, if a sales dashboard shows stale data, lineage enables you to
trace back to the specific upstream source or transformation causing the delay. Without lineage, root-
cause analysis is slower and more error-prone. Automated lineage tracking links all observability
metrics together, turning isolated signals into actionable insights and enabling rapid troubleshooting to

maintain trust in data.
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How to Implement
Data Observability in Showflake

Implementing observability in Snowflake can be approached systematically. Here is a step-by-step
guide that covers the major steps and best practices, from connecting an observability platform to

Snowflake, to setting up monitoring, alerts, and adding business context:

1. Connect an Observability Platform to Your Snowflake Account

The first step is to choose and connect a data observability platform or tool with your Snowflake
environment. This typically involves setting up a connection using Snowflake credentials (with
appropriate read access to metadata and data as needed). With DQLabs, for example, you can connect
to Snowflake in just a few minutes — you provide your Snowflake account details and credentials, and the
platform securely connects via Snowflake’s APls or ODBC/JDBC. The key is that this connection allows
the observability tool to scan your Snowflake metadata (and data profiles) without heavy manual effort.
Make sure the platform supports Snowflake natively (DQLabs does, as it's a Snowflake partner), so that
it can utilize Snowflake’s capabilities efficiently (like reading from the Information Schema or Account
Usage views). Establishing the connection should be straightforward and require no coding — within

moments, you should be ready to start monitoring.

2. Auto-Discover Tables, Views, and Columns

Once connected, leverage the platform’s ability to auto-discover your Snowflake assets. This means
scanning the Snowflake catalogs to inventory all databases, schemas, tables, and views that you want
to observe. In a large Snowflake deployment, you may have hundreds or thousands of tables; an
observability tool should automatically collect these, rather than you manually inputting each dataset.
Auto-discovery typically also captures metadata about each asset — e.g., the schema, row counts, last
modified timestamps, etc., as baseline information. A best practice here is to configure the scope:
perhaps you want to include all production schemas but exclude some scratch or temp schemas from
monitoring. Platforms like DQLabs provide options to configure the observability scope — for instance,
include/exclude certain databases or schemas, or even specific tables. After discovery, you'll have a
centralized catalog of Snowflake assets within the observability platform. This catalog is the foundation

for everything that follows, ensuring no important data asset is left unmonitored.
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3. Profile Datasets and Monitor Health Baselines

With the inventory of assets in place, the next step is to profile your datasets and establish health
baselines. Data profiling involves computing summary statistics and data quality metrics on each
table/column - things like row count, null counts, distinct values, distributions, etc. Initially, this profiling
gives you a picture of the current state of each dataset. An observability tool will often generate these
profiles automatically upon connection or on a scheduled cadence. The goal is to create a baseline of

what “normal” looks like for each metric.

For example, you discover that Table A usually has around 100k rows daily, 2% nulls in column X, etc. The
profiling step may also detect any immediate issues (like if a table has nulls in a field that should never
have nulls). After baseline profiling, continuous health monitoring begins. This means the platform will
regularly recompute these metrics (say after each data load or on a schedule) to check against the
baseline or expected patterns. DQLabs, for instance, provides a “Health” dashboard or tab for each
Snowflake asset that visually tracks freshness, volume, schema, anomalies, etc., in real-time. By profiling
data and then monitoring those profiles over time, you set up an early-warning system: whenever a

metric deviates beyond normal range or violates a defined rule, it gets flagged as an issue.

m Measure Discover Remediate Analytics

CUSTOMER_DATA_BACKUP_1

Measures Attributes Usage Lineage Collibra

SCHEMA
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4. Set Thresholds and Alerting Logic

While automated anomaly detection provides great insights, it's essential to configure specific thresholds
and alerts aligned with your business expectations and SLAs. This means defining rules such as “Alert if
table XYZ freshness exceeds 2 hours,” “Notify if more than 5% of column nulls occur in table ABC,” or
“Trigger an alert on schema changes in Sales.” Most observability platforms, including DQLabs, offer a
mix of Al-powered anomaly detection and customizable alerts without coding. Set alerts that reflect
your critical business requirements like data timeliness, acceptable data ranges, and volume fluctuations.
Configure notification channels such as email, Slack, or PagerDuty to ensure the right teams are

promptly informed.

Starting with broader alerts for critical tables and refining them over time helps avoid alert fatigue.
These alert thresholds encode your data reliability expectations into automated monitoring. For
example, an alert can warn the data team if daily record counts drop below 90% of the weekly average,
signhaling possible data loss. Fine-tuning alert logic is ongoing, but an initial setup tailored to your

Snowflake environment is vital to catch known issues early and maintain data trustworthiness.

5. Enable Lineage Tracking and Dashboarding

To fully implement data observability in Snowflake, enabling data lineage tracking and configuring
dashboards is essential for clear, at-a-glance visibility. Data lineage involves capturing how data moves
and transforms between tables and views within Snowflake and your data pipelines. This may include
ingesting lineage metadata from ETL tools like dbt or parsing Snowflake query logs to infer relationships.
Platforms like DQLabs support native lineage integration, pulling lineage from tools such as dbt and
Airflow or deriving it by analyzing data flows. Visualizing lineage as a graph of dependencies is

invaluable for investigating issues when alerts arise.

Concurrently, set up observability dashboards that aggregate key metrics. Dashboards can provide a
high-level “Snowflake Data Health” overview showing the status of monitored databases, trends in data
freshness, volume anomalies, and more. You can also create domain-specific dashboards—for example,
for Finance or particular projects—leveraging semantic tagging to group assets meaningfully. Design
dashboards for quick scanning using visual cues like red/yellow/green statuses, charts of metric

histories, and filters that allow drill-down by data domain, owner, or severity.

These dashboards enable both technical and non-technical stakeholders to easily monitor Snowflake
data health at any time, shifting your observability from reactive troubleshooting to continuous,

proactive monitoring.
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6. Apply Semantic Tagging for Context and Ownership

An often overlooked but highly valuable step is adding semantic tagging and context to your observed
data assets. Semantic tagging means labeling or organizing data assets in a way that aligns with
business context — such as by data domain (Sales, Marketing, Operations), by data owner or steward,
or by any categorization that is meaningful in your organization. In a platform like DQLabs, you can tag
or group assets and even automatically map them to business terms or domains using built-in semantic
discovery features. For example, a table named crm_customers might be automatically tagged under

the “Customer Data” domain, or anything in the finance schema could be tagged as Finance domain.

Why is this important for observability? Because when an issue arises, knowing the context (this is a
Finance table, owned by the Finance team, classified as sensitive Pll data, etc.) guides the response
and prioritization. Semantic tags allow you to filter and view observability dashboards by these
categories — a data owner can easily check the health of all assets tagged to them, or an executive
could see high-level health status by domain. It also helps route alerts appropriately (e.g., issues with
Marketing-tagged datasets notify the marketing data steward). Implementing semantic tagging might
involve some one-time setup of associating assets to business glossary terms or letting the platform

auto-classify data based on patterns.

DQLabs provides semantics-driven discovery that can auto-tag datasets (for instance, identifying a
column as an “Email” field, or a table as “Customer” related based on data content and names). By
using these tags in your observability practice, you enhance collaboration between technical and
business teams and ensure that monitoring isn’t just technically comprehensive, but also aligned with
business priorities. In summary, adding semantic context turns raw observability data into actionable

knowledge, because it’s clear what the data represents and who cares about it.
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Why DQLabs Is the Ideal
Observability Platform for Snowflake

There are several data observability and data quality tools out there, but DQLabs stands out as a
comprehensive solution tailored for Snowflake users. If you're evaluating options, here’s why DQLabs

can be an ideal choice for implementing observability on Snowflake:

1. Native Snowflake Integration

DQLabs offers native integration with Snowflake, meaning it was built to work seamlessly with
Snowflake’s architecture and features. As a Snowflake Technology Partner, DQLabs can connect to your
Snowflake account with minimal setup and immediately leverage Snowflake’s metadata and computing
power in a safe, read-optimized manner. This native support translates to faster deployment (connect
and start observing in minutes) and efficient operation (e.g., using Snowflake’s bulk metadata queries,
rather than stressing the system). It also means DQLabs keeps up-to-date with new Snowflake features.
For users, this feels like DQLabs is an extension of Snowflake — no clunky connectors or hacks.
Additionally, DQLabs respects Snowflake’s security model: you can integrate via secure credentials or
OAuth, and it will abide by the permissions you set. In short, DQLabs + Snowflake integration is plug-

and-play, requiring minimal setup to start discovering and monitoring your databases immediately.

Snowflake
Cloud Data Platform

CONNECTION DETAILS

DQLABS_QA_1 testconnectionSR

AUTHENTICATION DETAILS

Use vault

Username and Password USER_QA

INCLUDE
DQLABS_QA DQLABS_QA.ZTEST

EXCLUDE
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2. Real-Time Monitoring and Alerting

DQLabs provides real-time (or near real-time) monitoring and alerting capabilities for your Snowflake
data. It continuously tracks the health metrics we discussed - freshness, volume, schema changes, etc.
- and is designed to notify you immediately when something is off. For example, DQLabs can schedule
automated health checks on a cadence you choose (hourly, daily, or triggered by events) and raise
alerts the moment an anomaly is detected. It has a dedicated “Health” console for Snowflake assets that

updates live, showing any alerting conditions as they occur.

The platform supports flexible alert delivery: you can get alerts via email, integrate with Slack or Teams
for instant team notifications, or hook into incident management systems. What sets DQLabs apart is not
just the alert speed, but also the context it provides in the alert — often including what metric failed, by
how much, and links to the affected asset’s dashboard or lineage. This reduces the time from detection
to diagnosis. Proactive, real-time monitoring is a core strength of the DQLabs platform, helping

organizations minimize data downtime.

Snowflake

Volume

Computes the total rows count

SUMMARY

Preview Query Measure Logs
LIST OF RESULTS

v
Jul 282025 02:01PM 7500 - 7500 7500 OK
Jul272025 02:02PM 7500 -7500 7500 OK
Jul262025 02:01PM 7500 -7500 7500 OK
Jul252025 02:01PM 7500 - 7500 7500 oK

Jul242025 02:02PM 7500 - 7500 7500 OK
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3. Al-Powered Profiling and Anomaly Detection

One of DQLabs’ most powerful features is its use of Al/ML techniques for data profiling and anomaly

detection. Instead of relying only on static rules, DQLabs employs machine learning to learn the normal

behavior of your Snowflake data over time. It automatically profiles each dataset (with over 250+ out-of-

the-box metrics and data quality measures) and establishes patterns — for instance, typical ranges for

values, typical daily row counts, seasonality in data loads, etc. Using these learned patterns, DQLabs

can identify the “unknown unknowns” — anomalies that you didn’t explicitly set a rule for.

For example, it might detect that a certain column’s distribution has drifted significantly or that a

combination of metrics indicates an unusual data event. Al-driven anomaly detection complements

traditional rule-based monitoring by covering edge cases and emerging problems as your data evolves.

Additionally, DQLabs’ Agentic Al module can even suggest quality rules or transformations by
understanding the data content. In summary, DQLabs doesn’t just automate monitoring — it brings

intelligent insight so you find problems early and even get guidance on how to fix them.

PROFILE

COMPLETENESS

Remediate

Analytics

ORDER_DATE  (7#

UNIQUENESS

UNIQUE

REPEATING

SPACE
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4. Automated Lineage and Metadata Tracking

DQLabs provides robust data lineage tracking and metadata management baked into the platform. For
Snowflake users, this means you automatically get visibility into how data flows across your tables and
beyond. DQLabs can ingest lineage from various sources: it can parse SQL scripts and query history to
map dependencies between Snowflake objects, integrate with pipeline tools (like it can pull lineage from
dbt models, Fivetran pipelines, Airflow DAGs, etc.), and even merge that with business metadata from

catalogs like Collibra or Alation. The result is a clear lineage graph at both table-level and column-level.

In terms of metadata, DQLabs enriches Snowflake assets with additional info — tags, descriptions, data
quality scores, and more. The advantage of having automated lineage in the observability platform is
seen during incident resolution: as soon as an issue is flagged, DQLabs shows the lineage, so you know
what caused it and what's impacted. It saves tremendous time compared to manually digging through
code. Moreover, the lineage view helps in planning changes (impact analysis if you modify a schema or

pipeline) and in compliance audits (tracing data from source to report for regulations).

ool Measure  Discover  Remediate  Analytics 2
i product_detail_report O

Overview Detail Attributes Metadata

© ]

©
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5. Business Rule Creation for Custom Monitoring

While DQLabs excels at out-of-the-box measures and Al-driven anomalies, it also recognizes that every
business has unique checks. The platform provides an intuitive, no-code interface for creating custom
data quality and observability rules. This means even without writing SQL, users can define custom
monitoring logic — for example, “Column X should never be negative,” or “If table Z’s daily volume
exceeds 10% growth week-over-week, flag it.” Under the hood, these rules can be as complex as

needed, and DQLabs will execute them automatically on your Snowflake data.

For more technical users, there’s also the option to write custom SQL checks or even incorporate Python
if needed, but many scenarios can be handled with the no-code builder using drop-downs and logical
conditions. Additionally, DQLabs supports bulk rule import and reuse of rule templates, which is handy
for scaling up your monitoring coverage quickly. The big benefit here is flexibility: DQLabs doesn’t limit
you to a fixed set of metrics. If your business has specific KPIs or data contracts to validate, you can
add those into the observability framework easily. And because these “business rules” are integrated
into the same platform, any violation will show up in the unified alerts and dashboards alongside other
issues. This combination of automated monitoring and custom rules ensures no critical business-specific
issue goes unchecked. In Showflake environments where custom logic often lives in dbt models or
spreadsheets, moving those checks into DQLabs centralizes and automates the validation process,

greatly reducing manual QA effort.

snowflake CUSTOMER_AI_MIN_MAX FULLTIME

Edit a measure
Query measure

Active

Domain Product Applications

Connection Asset Attribute

+% AskAl

1 SELECT*FROM"DQLABS_QA"."CUSTOMERAI"."CUSTOMER_AI_MIN_MAX"WHERE "FULLTIME" <'09:00:00' OR "FULLTIME" > 17:00:00"

Aggregate query
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6. Unified Platform for Catalog, Quality, and Observability

DQLabs isn’t just an observability tool — it's a unified data quality platform that encompasses data
discovery, cataloging, quality management, and observability in one place. For Snowflake users, this all-
in-one approach has significant advantages. Instead of juggling separate tools, DQLabs provides a
single interface where all these aspects are interconnected. For example, when viewing a Snowflake
table in DQLabs, you can see its profile and observability metrics (freshness, anomalies, etc.), its data
quality score and any failed quality rules, its lineage and related assets, and even semantic metadata
like business glossary terms or ownership information. This unified view means you get full context
instantly. It also means less integration overhead - the catalog and observability modules share

information seamlessly.

Observe Measure

Discover unknowns and E No-code, Al driven
(%5 automation of known issues

observe changes

DQLabs
Difference

Discover o) S Remediate
L
=y , S
Metadata intelligence & Alerts and issue
governance insights management

From an architecture perspective, DQLabs being unified reduces complexity: you only need to maintain
one platform and one connection to Snowflake, and you get multiple capabilities. This is cost-effective
and ensures consistency (e.g., the same semantic definitions and tags used in data cataloging are used
in observability dashboards, so everyone speaks the same language). Moreover, DQLabs’ unified
platform is built with an Agentic Al core that continuously learns from your data across these functions,
improving recommendations for data cleaning, enrichment, and anomaly detection altogether. In
summary, DQLabs offers an integrated data trust solution—combining discovery, quality monitoring,
issue resolution, and governance—ideal for organizations looking to mature their Snowflake data stack

without managing multiple tools.
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Conclusion

Snowflake has empowered organizations to harness data at cloud scale - but to truly leverage that
power, you need confidence in the data itself. Data observability for Snowflake is the key to building
that trust. By monitoring freshness, volume, schema changes, and other crucial metrics, and by
addressing Snowflake’s unique challenges (like dynamic scaling and diverse pipelines), you ensure that
your data warehouse remains a source of truth and not a potential liability. Implementing observability is
not an overwhelming task; with a clear strategy — connecting the right platform, setting up discovery
and monitoring, configuring alerts, and enabling lineage and context — you can start catching issues

before they catch you.

DQLabs offers a compelling path forward for Snowflake users seeking comprehensive observability
and data quality management. With its native Snowflake integration, real-time anomaly detection, and
unified approach, DQLabs automates the hard parts of observability while giving you fine-grained
control where you need it. The result is a Snowflake environment that is continuously watched over,

with early-warning systems for any divergences in data health or performance.

By investing in data observability now, you prevent costly data disasters later — whether that’s
inaccurate reports going to executives, machine learning models drifting off-course due to unseen data
changes, or compliance issues from unchecked data pipelines. Instead, you’ll cultivate an environment
of proactive data operations: teams are alerted to issues, root causes are identified in minutes thanks to

lineage, and business users remain confident in the dashboards and analyses they rely on daily.

Ready to Enhance Snowflake’s Reliability With Data Observability?

Contact our experts to discuss your specific needs and learn how DQLabs can fit into your data stack.

And be sure to explore our product pages for Data Observability and Data Quality to discover more
about our platform’s capabilities. With the right tools and practices, you can ensure that your Snowflake
data is not only abundant and fast, but also trustworthy and insight-ready — enabling your organization

to make decisions with confidence.
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DQLABS

About DQLabs

DQLabs is an Agentic Al Data Observability & Data Quality Platform that
enables organizations to observe, measure, discover, and remediate the data
that matters. With an automation-first approach and self-learning capabilities,

the DQLabs platform harnesses the combined power of Data Observability,
Data Quality, and Data Discovery to enable data producers, consumers, and

leaders to turn data into action faster, easier, and more collaboratively.
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